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• Most of the people can recognize artists,

what are the features that makes it possible?

• How can we organize artists based on sound?



3

• Musicology research 

• Create dynamic playlists suitable with the user’s 

musical preferences
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• Features represent Timbre, Genre and Mood
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• Common tool in MIR and speech recognition

• Approximates the human auditory system

Spectrum
(Fourier Transform)

DCT
(Discrete Cosine 

Transform)
Log Scaling
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• First 3 moments of the spectrum

• Spectral Roll-off frequency

S l l  i i  f h  • Spectral Flatness – noisiness of the spectrum
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• Represent the data in an orthogonal basis in which 

the variance is maximized

• Better separation and computability improvement• Better separation and computability improvement

• Finds the best separating featuresp g

MFCC, Flatness, 3rd Moment
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• 2-Dimensional node grid

U i d t i i• Unsupervised training process

• Useful for high dimensional input visualizationUseful for high dimensional input visualization

• Preserves topological properties
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• Choose a segment randomly

• Winner determination
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• Closest node and neighborhood adaptation
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• Starting with a large learning rate, gradually 

decreased to facilitate convergence
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• Histogram maps for each artist
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• New (untrained) song from each album 

• Find best matching node in the map

• Classification based on artist’s histograms• Classification based on artist s histograms

New Song
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• Classifying unknown artists:
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• PCA + SOM for representing music similarities

• We manage to implement approach for music 

i iorganization

• 50 7% artist classification rate50.7% artist classification rate

• 78.5% genre classification rate
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• Further study for features selection

• Automatic playlist creation

• Similar artists suggestions

• Adapting the algorithm to other fields• Adapting the algorithm to other fields

i.e. painter classificationp
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